Jurnal Tugas Akhir Fakultas Informatika September - 2022

Daftar Pustaka

[1] Vijay Badrinarayanan, Alex Kendall, and Roberto Cipolla. Segnet: A deep convolutional encoder-decoder
architecture for image segmentation. IEEE transactions on pattern analysis and machine intelligence, 39
(12):2481-2495, 2017.

[2] Marius Cordts, Mohamed Omran, Sebastian Ramos, Timo Rehfeld, Markus Enzweiler, Rodrigo Benenson,
Uwe Franke, Stefan Roth, and Bernt Schiele. The cityscapes dataset for semantic urban scene understanding.
In Proceedings of the IEEE conference on computer vision and pattern recognition, pages 3213-3223,2016.

[3] AKSU Gokhan, Cem Oktay Giizeller, and Mehmet Taha Eser. The effect of the normalization method used in
different sample sizes on the success of artificial neural network model. International Journal of Assessment
Tools in Education, 6(2):170-192, 2019.

[4] Jie Hu, Li Shen, and Gang Sun. Squeeze-and-excitation networks. In Proceedings of the IEEE conference
on computer vision and pattern recognition, pages 7132-7141, 2018.

[5] Nabil Ibtehaz and M Sohel Rahman. Multiresunet: Rethinking the u-net architecture for multimodal biome-
dical image segmentation. Neural Networks, 121:74-87, 2020.

[6] Shruti Jadon. A survey of loss functions for semantic segmentation. In 2020 IEEE Conference on Computa-
tional Intelligence in Bioinformatics and Computational Biology (CIBCB), pages 1-7. IEEE, 2020.

[7] Diederik P Kingma and Jimmy Ba. Adam: A method for stochastic optimization. arXiv preprint
arXiv:1412.6980, 2014.

[8] Kristian Kovacdi¢, Edouard Ivanjko, and Hrvoje Gold. Computer vision systems in road vehicles: a review.
arXiv preprint arXiv:1310.0315, 2013.

[9] Jonathan Long, Evan Shelhamer, and Trevor Darrell. Fully convolutional networks for semantic segmenta-
tion. In Proceedings of the IEEE conference on computer vision and pattern recognition, pages 3431-3440,
2015.

[10] Shervin Minaee, Yuri Y Boykov, Fatih Porikli, Antonio J Plaza, Nasser Kehtarnavaz, and Demetri Terzopou-
los. Image segmentation using deep learning: A survey. IEEE Transactions on Pattern Analysis and Machine
Intelligence, 2021.

[11] World Health Organization et al. Global status report on road safety 2018: summary. Technical report, World
Health Organization, 2018.

[12] Thiago Rateke and Aldo Von Wangenheim. Road surface detection and differentiation considering surface
damages. Autonomous Robots, 45(2):299-312, 2021.

[13] Eduardo Romera, José M Alvarez, Luis M Bergasa, and Roberto Arroyo. Erfnet: Efficient residual factorized
convnet for real-time semantic segmentation. IEEE Transactions on Intelligent Transportation Systems, 19
(1):263-272, 2017.

[14] Olaf Ronneberger, Philipp Fischer, and Thomas Brox. U-net: Convolutional networks for biomedical image

segmentation. In International Conference on Medical image computing and computer-assisted intervention,
pages 234-241. Springer, 2015.

[15] Mennatullah Siam, Mostafa Gamal, Moemen Abdel-Razek, Senthil Yogamani, Martin Jagersand, and Hong
Zhang. A comparative study of real-time semantic segmentation for autonomous driving. In Proceedings of
the IEEE conference on computer vision and pattern recognition workshops, pages 587-597, 2018.

[16] Mahmud Dwi Sulistiyo, Yasutomo Kawanishi, Daisuke Deguchi, Takatsugu Hirayama, Ichiro Ide, JY Zheng,
and Hiroshi Murase. Attribute-aware semantic segmentation of road scenes for understanding pedestrian
orientations. In 2018 21st International Conference on Intelligent Transportation Systems (ITSC), pages
2698-2703. IEEE, 2018.

[17] Yu Wang, Quan Zhou, Jia Liu, Jian Xiong, Guangwei Gao, Xiaofu Wu, and Longin Jan Latecki. Lednet:
A lightweight encoder-decoder network for real-time semantic segmentation. In 2019 IEEE International
Conference on Image Processing (ICIP), pages 1860—1864. IEEE, 2019.

16



Jurnal Tugas Akhir Fakultas Informatika September - 2022

[18] Fisher Yu and Vladlen Koltun. Multi-scale context aggregation by dilated convolutions. arXiv preprint
arXiv:1511.07122, 2015.

[19] Xiangyu Zhang, Xinyu Zhou, Mengxiao Lin, and Jian Sun. Shufflenet: An extremely efficient convolutional

neural network for mobile devices. In Proceedings of the IEEE conference on computer vision and pattern
recognition, pages 6848—-6856, 2018.

17





