ABSTRACT

The utilization of Learning Management Systems (LMS) in distance learning generates a
large amount of studentactivity datathathas notyetbeen optimally leveraged to support
adaptive learning. Students often do not receive feedback that aligns with their individual
learning styles and intensity. Existing systems are still unable to automatically identify
learning behaviorand provide personalized support. This study uses LMS log data as input
and produces a classification of self-regulated learning (SRL) levels as well as adaptive

feedback as the output.

This topicisimportant as itcontributes totheimprovementofonline learning quality,
whichis increasingly usedinvarious educational settings. Currently, most LMS platforms
only presentgeneralstatistics withoutany data-driveninterventions. This createsagap
betweenthe needforpersonalizedlearning supportandthe actual assistance

provided by the system.

The solutionimplementedinvolves developing a classification modelusingthe Random
Forestalgorithm to predictstudents'SRL levels based on LMS activity features, such as
study duration, content access, and forum activity. The system thengenerates weekly

adaptive feedback accordingtoeach student's SRL label.

The modelsuccessfully maps students'SRL levels with a high degree of accuracy. The
systemalsoprovides weeklyfeedbackthatis relevantand personalized, supportingthe
developmentofstudents'independentlearning skills inamore structured and efficient

manner.
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